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Most Al tools live in the cloud. WOS lives on your
machine. WOS is a desktop Al agent that reads your files,
runs code, connects to your apps, and remembers past
conversations - without sending any data to an external
server. No subscriptions, no accounts, no data leaving
your computer. It integrates with Slack, GitHub, Jira, and

Google out of the box. You can extend it with plain-English

Skills and Rules, or plug in any community tool server
using the Model Context Protocol standard.

WOS Agent

Methodology

We treated reliabiity as a data problem, not a prompt
problem :

. Generate. We synthesized multi-tur tool-use
trajectories that cover Slack, GitHub, Jira, and Google,
plus single-step, triage, and cross-app patterns. Errors
and clarification turns were injected at calibrated rates
0 the model learns to recover.
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Orchestration Meeting Coding

WOS is an Electron desktop app with a strict main and renderer
split. The main process owns orchestration, tool execution, and an
encrypted SQLite store. The renderer is a clean React surface for
chat, projects, meetings, automations, and apps. A provider layer
lets the same conversation run on OpenAl, Anthropic, or our own
fine-tuned model with no code change in the Ul.

Title 1: One Chat. Every App.

Coding specialist:
HumanEval pass@1 80.0% (matches an untuned 70B baseline)
MBPP pass@1  55.0% (matches the same baseline)

Meeting specialist on DialogSum:

ROUGE-1F1l 2223 (baseline 19.77, +2.46)
ROUGE-2F1  6.22 (baseline 5.65,+0.57)
ROUGE-LFL 16,65 (baseline 14.43, +2.22)

The meeting model writes summaries that recall more of the source.
The coding model holds the line at a fraction of the size.

Title 3: How WOS Thinks
The agent runs a tight loop. Plan the next step. Pick a tool. Check the

call against a JSON schema. Run it. Read the result. Decide if the task
is done.
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Every step is logged. Every tool call is typed. If a tool fails, the loop
sees the error and tries a different path. The user always sees what
was done and why.
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. . - X uantized LLMs. NeurlPS, 2023,

2. Audit and repair. Each trajectory is checked against Structured eval, 27 scenarios across ten behavioral categories: Z::ieogzee?du‘(g ‘:?g‘ (;?g;:g%lex;lsaea:::g?h?r':;;?oggs fen Q
strict JzON schemash. 5at: rec‘ords are repaired or Model Score %  Malluc. Lat pS0 (s) Lat mean (5) without guidance. 5] Kwon, W. et al. Efficient Memory Management for
rejected, never patched silently. wosorch (faoeucd Quead22B) 2727 1008 0 324 3 Large Language Model Serving with PagedAttention

3. Spit Tran, vlcaion, and binc-estsets are e o S - (L C S ) WOS NRY(706) Bese (L), Sosm a0z, e
scenario-disjoint, o evaluation is honest. Incident response triage  100%  100% 0%
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model the same way: both retrieved the pull requests correctly, then
asked for clarification instead of filing the Jira ticket. Same failure, same
root cause, different scale.

Key References

WOS shows that a careful contract beats a bigger model. The
same orchestration quality you would expect from a 70B hosted
endpoint is delivered by a 328 model we trained, hosted on our
own Space, at one-twelfth the parameter count.

What we built:

- A desktop assistant that unifies Chat, Projects, Meetings,
Automations, and Apps.

- A 29-table SQLite store with AES-256-GCM encrypted
credentials.

- A provider layer with OpenAl, Anthropic, and self-hosted vLLM,
all behind one streaming contract.

- A fine-tuned orchestrator that scores 100% on the structured
suite, 80% on blind chains, and 0 hallucinations.

What it means:

Reliable agentic work does not require a frontier price tag. With
strict schemas, audited trajectories, and honest splits, smaller
models can run production workflows.
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